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Foreword.

Turning Al Ambition into measurable,

lasting productivity at speed.

Written by Sam Mudd, CEO, Bytes Technology Group (BTG)

This Al cycle runs on a striking tension: it takes extraordinary capital to build and
almost nothing to try. At the frontier, chips, data centres and specialist talent

demand investment at enormous scale.

Inside most organisations, Al simply arrives - through
browsers, APls and features switched onin software
alreadyinuse - anditchanges fromonerelease to the next.

Soemployees are using powerful Al tools long before
theircompany has apolicy oraplan. Oneinthree
European workers now use generative Al at work.

The productivity gains have been farharderto find.

The research shows Al deliveringremarkable gainsin
individual tasks - writing, analysis, software development,
customersupport. Yetthose gainsleak as youzoom out,
fromasingle tasktoajob, ateam, and the organisation
asawhole.

Andthe clockisrunning. Leaderswho once worked to
multi-year adoption cycles are being asked torespond
in weeks and months, oftento tools theirpeople already
relyon-andeverynewrelease widens the gap between
the organisationsrealising productivity gains and those
stillworking out where to start.

Forleaders, this createsurgent questions:is your
organisationamong the early adopters, orbeginning
to fallbehind? Are employees already using Alin ways
the business understands and supports? Areisolated
efficiencies translatinginto strongerprocesses and
better outcomes? What separates the organisations
creating measurable value from those accumulating
licences, pilots, and fragmented use cases?

These questions sit at the heart of thisresearch.

Bytes commissioned The Productivity Institute at the
University of Manchester to answerthemindependently.
Thisresearch examines what Al can achieve, what the
evidence says aboutits effect on productivity, and why
promising gainsleak as Almoves through an organisation.

This matters because adoption figures only tell part of
the story. Across our customer base, organisationsin the
same sector are taking markedly different approaches.
Someleadersinvestinlicencesforeveryindividual
employee, while othersinvestinnothing at all.

Therisksruninboth directions. Move quickly ahead of
governance and you take on legitimate concerns around
data, security, cost andregulation. Move slowly, and
competitors build the experience, processes and
workforce capability you'llneed to catchup. Leaders
need aclearerbasis forjudging where their organisation
stands, and where focused action makes the greatest
difference.

The Al ambition gap: aligning capabilities for
productivity provides that basis. It brings together
current evidence and expertinsight to show where Alis
producingvalue, where thatvalue is leaking away, and what
separates access and experimentation from productive
integration. Thenitturns to the question that matters
most to the leadersreading this: what does it take to turn
Alambitioninto measurable, lasting productivity?



The Al ambition gap.
Alighing capabilities for productivity.

Executive Summary.

This report examines why the rapid advance and growing adoption
of Al have not yet translated into broad-based productivity

gains, and sets out what business leaders, people managers and
policymakers can do to close this Al ambition gap.

The gap refers to the divide between the aspirations for Al, as defined by its technical
and economic potential, andits ultimate realisation into sustained, widely shared
productivity gains across organisations, the economy and society.

The scale of the Alambition gapisincreasingly apparent
atsuccessive levels of aggregation. While task-level
studies commonly report double-digit productivity
gains, evidence of organisation-wide improvements
ismore limited and generally points to smaller gains.
Realising Al's potential at scale requires complementary
investmentsin skills, management, data, workflow

The four connected imperatives

attention to the most strategically
relevant uses of Al;

-
®

capabilities to adopt Al effectively;

redesign, and measurement. This needs to be supported
by institutions that facilitate effective adoptionand
diffusion.

Closing the Alambition gap requires action across four
connected imperatives that should be onthe radar of
CEOs, COOs and Chief Transformation or Digital Officers:

incentives to act;

execution toredesignwork, scale
successful applicationsand

N\ /

sustainchange.
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Seven key enablers define the practical actions that can be undertakento close the Al
ambition gap, and turn the technical and economic potential of Alinto productivity.

Four of them are primarily directed to business
leaders focusing on the organisational actions
needed to turn Aladoptioninto productivity
gains:redesign, and measurement. Thisneeds tobe
supported by institutions that facilitate effective

The remaining three enablers point to the wider
systemic action needed beyondindividual
organisations and leaders:

adoptionand diffusion.

Use leadership and management
to set direction and allocate
resources and ensure Al delivers
measurable value.

Build worker capabilities which
create the skillsand judgement
neededtouse Al effectively.

Assess technical feasibility against
economic viability by evaluating
costs, returns and whetherto scale,
revise or stop applications.

Develop adaptive capacity
toredesignwork and sustain
organisational change.

EXECUTIVE SUMMARY

Strengthen Al governance to
provide trusted, adaptive and
sector-sensitiverules.

Facilitate regional ecosystems to
connect firms to trusted support
and shared learning.

Enable both frontier innovation
and diffusion capabilities to turn
frontieradvancesinto widely used
applications.
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AIPRODUCTIVITY GAINS
DECLINEWITH AGGREGATION

Tasks

Strongest evidence:
sizeable gainsunder
controlled conditions show
Al's potentialmore than
typicaluse.

Jobs & Occupations
Alreshapesbundles of tasks;
judgement, coordination
and complementary

work become binding
constraints.

Organisations

Value depends onworkflow
redesign, management,
skills, data and absorptive
capacity—not adoption
alone.

Sectors & Economy
Unevendiffusion, resource
reallocationandinstitutions
determine whether firm-
level gains scale.

FOURIMPERATIVES TACKLE
THEAIAMBITION GAP

The divide between Al's technical
and economic potentialand
sustained, widely shared
productivity gains.

FOURIMPERATIVES

Attention
Focus high-value uses

Incentives
Create confidencetoact

Capabilities
Build skills, data and systems

Execution
Redesign, scale and sustain

CONNECTED SEQUENCE
Valueislostwhenany step breaks.

SEVEN ENABLERS FOR CLOSING
THEAIAMBITION GAP

BUSINESS ENABLERS

Leadership & Management
Turnstrategicintentinto
coordinated process
change and measurable
value.

Workforce Skills
Combine domain
expertise and judgement
withresponsible
experimentationand
organisationallearning.

Technical & Economic
Alignment

Align technical feasibility
with shared functional
ownership, measurable
outcomes, lifecycle costs
and economic viability.

Transition Capability
Reorganise workflows and
business models through
managed experimentation
before external pressure
forceschange.

SYSTEMENABLERS

@ Governance & Regulation
Build adaptive, sector-
sensitive governance
that strengthens trust,
regulatory clarity and cross-
government coordination.

Regional Ecosystems
Extend absorptive capacity
beyondleading firms and
diffuse knowledge across
regionalvalue chains.

Innovation & Diffusion
Connect frontieradvances
toapplications firms can
commercialise and scale.

Firm-level capabilities need tobe
complemented with a supportive
andresilient ecosystem for Al
adoption and productivity gains.

ADOPTION ALONEIS NOTENOUGH

F
Al Adoption Q our. a Seven o Productive Use & Diffusion Q Shared Gains
Imperatives Enablers

.. REINFORCING LOOPS CLOSE THE AMBITION GAP

EXECUTIVE SUMMARY
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Introduction.
Closing the Al ambition gap.

M il

productivity growth.

Earlierwaves of digital technology have already
delivered substantial productivity gains. Most notably,
the diffusion of ICT — including personal computers,
software and theinternet — is estimated to have added
roughly O.5-1percentage points peryear to productivity
growthinthelate 1990s and early 2000s, with the higher
end applying particularly to the United States and the
lower end to Europe, where digital technologies were
adopted andused less effectively thanin the United
States.!

Since the mid-2000s, annual labour productivity
growth across advanced economies has slowed
markedly from around 2 to about 1 per cent, although the
timing and scale of the decline vary across countries.?

Rapid advances in artificial intelligence (Al) since the early 2010s,
and especially therise of generative Al (GenAl) since 2022,

mark a new phase in the digitalisation of the economy and Al

has the potential to reshape the long-term trajectory of

Reviving productivity growthis increasingly important
because employment growth—the other main source
of economic growth—is unlikely to remain a major driver
of risingliving standards amid adverse demographic
trends, especially population ageing.

Al has the potential to reshape the long-term trajectory
of productivity growth, but whetherit canrestore
economic growth to the rates achievedin earlier
decadesremainsuncertain. Much willdepend on
whether Al delivers more than one-off efficiency gains
forfirms and becomes a sustained source of innovation,
helping economies to tackle majoreconomic and
societal challengesranging from climate change to the
continued provision of high-quality public services.
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As Alambitionis high,
whatis holding firms back?

Thisreportlooks at what prevents organisations and the
economy as awhole from capturing Al’s productivity
opportunities, and how adoption canbe accelerated
to deliverfaster, broaderandbettergains. We

show that while ambitionto adopt Alis widespread,
adoptionaloneis not enough to obtain broad-based
productivity gains. We define the Alambition gap as
the divide between the aspirations for Al, shaped by
its technicaland economic potential andits ultimate
realisationinto sustained, widely shared productivity
gains across the economy and society.

Closing the ambition gap requires organisations to meet
four connected imperatives. First, they mustrecognise
and prioritise the Al opportunities most relevant to

their strategy, operations and customers (attention).
Second, they must ensure thatleaders, managers

and workers have sufficientreason, confidence and
pressure to act onthose opportunities (incentives).
Third, they need to build the organisational resources,
process knowledge and ability tointegrate new
technologies needed toimplement them effectively
(capabilities). And finally, they need to coordinate,
scale and sustain the organisational changesrequired
torealise value from Al (execution).

fo u rconnected imperatives

recognise
and Prioritise

relevant ai opportunities

ensure workers have the

confidencewact

on those opportunities

O

INTRODUCTION

Productivity gains are
strongest atthe task level

Drawing on an extensive review of the current evidence,
the first part of thisreport examines how the ambition
gap widens as the analysis moves fromindividual tasks
to broaderlevels of people’s occupations, entire
organisations, production sectors and the economy
asawhole.

Evidence of productivity gainsis strongest at the
task level. The challengesincrease at the level of
jobs and occupations which combine multiple tasks,
andrise further within teams, business functions and
organisations, where adaptable systems of tasks and
jobsmust be coordinated.

The productivity effects are leastvisible at the sector
and macroeconomic levels, where outcomes depend
onthe widerecosysteminwhich firms operate. Ateach
successive level, the translation of technical potential
into measurable productivity becomes more difficult
because complementary capabilities and coordination
requirements become more demanding. This helps
explainthe recurring productivity paradox: despite
the availability of a powerful, widely applicable
technology, Al’s measured productivity effects
remain modest so far.

build the resources to

implement those

new technologies effectively

coordinate, scale and sustain

changes to realise
value srom al
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Firm-level and system-level enablers of Al productivity

The second part of thereportidentifies seven key
enablers that canhelp to close the ambition gap. Some
are business enablers and operate mainly at the level of
tasks, jobs and organisations, including leadership and
management, workforce capabilities, the alignment
of technical feasibility with economic viability and
adaptive capacity. Others are primarily system-level
enablers, including adaptive and sector-sensitive

governance, regional ecosystems for Al and awell-
connected pipeline linking frontier innovation to
diffusion with strong demand-driven feedbackloops.
Together, these enablers show that closing the ambition
gaprequires both firm-level capabilities to turn Alinto
measurable organisational value and widerinstitutional
conditions that support diffusion, trust, coordination
and productive use across sectors and the economy.

Actions forbusiness, people and policy leaders

Thereport concludes withrecommendations for
business, policy and people leaders to close the Al
ambition gap across four connected imperatives.
Businessleaders need to focus organisational
attentiononhigh-value use cases, strengthen the
business case foraction, build the managerial,
workforce and data capabilities required foradoption,
and execute the workflow redesign needed to turn Al
useinto measurable performance. People managers
should ensure that workers are involved early in

INTRODUCTION

identifying use cases, that trainingis embeddedinreal
work, and thatjob redesign, workervoice and benefit-
sharing help turn Aladoptioninto durable expertise,
betterworking conditions and broadly shared
productivity gains. Finally, policymakers should help
firmsidentify relevant opportunities, reduce adoption
risks and uncertainty, strengthenincentives through
competition, infrastructure and adaptive regulation,
and support the capability-building institutions
needed fordiffusion.

10
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Part One.

Al adoption and
productivity at
successive levels
of aggregation.

Task-level effects of Aladoption

Evidence that Alraises productivity is strongest at

the level of individual tasks. A frequently cited study
shows that generative Alincreased customer-support
productivity by about 14 per cent, with the largest
benefits accruing to less experienced workers because
the system helped transmit tacit knowledge from

more skilled colleagues.* Other studies report similarly
substantial effects at tasklevel, especially when
conductedin controlled settings holding the worker,

In the first part of this report, we examine evidence on the pace
of adoption, the critical capabilities and resulting productivity
effects ateachlevel, thelag between the introduction of the
technology andits measurable impact, and the extent to which
barriers to adoption are ultimately overcome.?

firm and organisational context constant:® software
developers using GitHub Copilot completed around 26
percent more tasks;é professionals using ChatGPT for
routine writing and analysis reduced completion time
by 40 per cent while improving quality by 18 per cent;’
human-Al marketing teams achieved productivity gains
of asmuchas73 percent;®andindividuals using Alin
product development matched the performance of
two-person teams without Al.?

1
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G

professionals using ChatGPT for routine writing
and analysis reduced completion time by

40% 18%

while improving
quality by

GenAl broadens therange of exposed
cognitive tasks

Comparedwith earlier Al versions, GenAl performs
particularly wellacross a wider set of non-routine
cognitive activities, including those involvinglanguage,
code, drafting, summarisation andinformation
synthesis. This has broadened therange of tasks
exposed to automation oraugmentation. US evidence
suggeststhat 80 percent of workers could have at least
10 percent of theirtasks affected by large language
models, while around one fifth could see more than

half of their tasks affected.’® Alis becoming capable of
handling longer, more complex, multi-step activities
ratherthanonly short, discrete tasks. Forexample, the
duration of tasks that leading Almodels cancomplete
successfullyin atleast half the time has doubled roughly
every fourmonths since 2023, reachingmore than 16
hours."However, exposure to GenAlis concentratedin
information processing, drafting androutine analysis
ratherthanphysical orinterpersonal activities.

Evidence fromthousands of text-based tasks suggests
that Al capabilities areimproving gradually across a
broadrange of tasks, whichcanbereferredtoasa
“rising tides” pattern. This differs from “crashing waves”,
where new models suddenly automate whole groups of
previously inaccessible tasks. More gradual change may
give workers more time to adapt and reduce therisk of
suddendisruption.’?

The duration of tasks that leading Al models
can complete successfully in at least half
the time has doubled roughly every four
months since 2023, reaching more than

16 hours.

G
80%
10%

of workers could
have at least

of their tasks affected
by large language models.

Task gains do not automatically translate
into organisational productivity

Strongtask-levelresults from Al should nevertheless
beinterpreted with caution. Surveys of worker-and
firm-level Aladoption generally find Aladoptionrates
between 20 and 40 percent, although estimatesvary
considerably because studies define and measure
adoptiondifferently, as discussed belowinmore
detail.®These figures are not adjusted fordifferences
inworker, firm or survey characteristics and vary
considerably withhow adoptionis defined and
measured. Experimental studies, which typically hold
workflows, managementincentives, complementary
technologies and data availability constant,
demonstrate what Al can achieve under favourable
conditions, ratherthan what organisations necessarily
realiseinpractice.™

Al changes not only how tasks are
performed but also the humanrole

As Altakes onmore activities, productivity increasingly
depends onhow organisationsredefine human work
aroundit. Indesign, forexample, workers may shift from
solving pre-defined problems towards determining
which problems are worth solving, favouring
organisations already equipped fordata-intensive,
iterative development.”® A similar patternis evidentin
software: evidence frommore than 500,000 GitHub
developers shows that adoption across successive
generations of Al coding toolsincreased coding
activity by approximately 240 per cent. However, the
correspondingincreases were around 80 per cent
forthe number of projects and only 30 percent for
releases. Although these gains remain substantial
forany workplace technology, human bottlenecksin
reviewing, integrating, testing andreleasing software
absorb much of Al's potential productivity gain.™

PART ONE. AIADOPTION AND PRODUCTIVITY AT SUCCESSIVE LEVELS OF AGGREGATION. 12
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Job-level effects of Aladoption

Hightask exposure to Aldoes not automatically make
ajob more productive. Jobs combine automatable
activities with tasks requiring judgement, coordination,
clientinteraction and critical thinking. The more likely
outcomeis therefore not the wholesale automation of
jobs, but the augmentation of occupations as Al takes

When automation removes tasks requiring less expertise,
the remaining job requires greater expertise, raising wages

but reducing the pool of qualified workers.

onselectedinformation-processing tasks while human
work shifts towards othercomplementary activities.

As Alremoves oraccelerates some activities, these
complementary human tasks may become the binding
constraint, limiting both time savings and the translation
of task-level gainsintojob-level productivity.

Job outcomes depend on task composition and complementary expertise

Combining occupational data at firmlevel with
occupational-level measures of Al exposure allows the
computation of afirm-specificindicator of Alexposure.
This measure suggests that the benefits of Alcanbe
unlocked by firms with higher existing capabilities,
suchashuman capitaland complementary assets."”
Forexample, two firms may have similarly Al-exposed
workforces, but the firm with strongeremployee skills,
dataassets and digital systemsislikely to be better
placedto translate that exposure into productivity gains.

Thisimplies thattechnology mayin part displace labour
from existing tasks while also creating new tasks in which
workersretain comparative advantage.’® Employment,
productivity and wage outcomes therefore depend on
the balance betweendisplacement and reinstatement.
This makes the composition of jobs, including the

identification of substituted, complemented and newly
createdtasks, more informative than task exposure alone.

Compositional effects depend onwho holds the
complementary expertise and organisational authority
neededtouse Al effectively. Forexample, when
automationremoves tasksrequiring less expertise, the
remainingjob requires greater expertise, raising wages
butreducing the pool of qualified workers. When it
removes expert tasks, the remainingwork becomesless
demanding. This potentially lowers wages but expands
employment by allowing more workers to perform
therole. Outcomes therefore dependlessonthe
intensity of automation than on the expertise content

of theremaining tasks forhumans to perform. This also
explains why routine-task automation canraise wagesin
some occupations andlowerthemin others.”

PART ONE. AIADOPTION AND PRODUCTIVITY AT SUCCESSIVE LEVELS OF AGGREGATION. 13
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Al exposure and complementarity vary across countries and occupations

Workersinadvanced economiesinitially appear

more exposed to Althanworkers inemerging markets
because professionaland managerial occupations
accountforalargershare of employmentinthe former.
However, the difference from emerging economies
narrows when exposure is separated into tasks that
Almay substitute and tasks where Alis more likely to
complement human expertise.?°

Amongsix countries (US, UK, Brazil, Colombia, India
and South Africa), the UK has the highest share of
workers in occupations with both high exposure and
highcomplementarity.2'Thisisin partrelated toitslarge
financial and professional business service sectors,
characterised by a high share of cognitive occupations.
High complementarity ismore commoninthose
occupations thaninjobs with many routine and manual
tasks. Forexample, lawyers andjudges, despite their
high Al exposure, canimplement Al as a supporting tool
forcognitive tasks requiringjudgement, accountability,
advice and extensive training. Consequently, workersin
such occupations may therefore be better positioned
to benefitfrom Aland may face lower displacement
risk, provided they have the skills and organisational
support neededto use it effectively. This mix of tasks
withinan occupationappears associated with the most
favourable outcomes from Al adoption. In contrast,
telemarketers, despite sharing similar high Al exposure
metrics with lawyers, display low complementarity.
Many of theirdutiesinvolve tasks like capturing
customerdata ordetailing products that canbe easily
replaced by Al.

Al could reshape
more than

The UK has the highest
share of workers in
occupations with both
high exposure and high
complementarity.

Otherevidencereinforces the observations that worker
demographics, occupational andindustrial structure,
and firm characteristics matterfor Aladoption. For
example, across countries, jobs held by womenand
university graduatestendto face greaterexposure,
while highly paid workers are more likely to occupy jobs
combining high exposure with high complementarity.??
Those kinds of characteristics account forabout 55 per
cent of the US/European gap inworkplace Aladoption.
The explained share of different Aladoptionrates
evenrisestoaround 80 percent whendifferencesin

Lawyers and judges, despite their high Al
exposure, can implement Al as a supporting
tool for cognitive tasks requiring judgement,
accountability, advice and extensive
training.

management practices, particularly interms of whether
employers actively encourage and supportemployees’
use of Al, areincluded. The gap therefore reflects not
only the composition of workers and firms, but also
whether organisations legitimise experimentation,
provide appropriate tools and guidance, and adapt
workplace practices to facilitate Aluse.?

of working
time for

15%

72%

of US workers
by 2035.

PART ONE. AIADOPTION AND PRODUCTIVITY AT SUCCESSIVE LEVELS OF AGGREGATION.
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Exposureis high, butintensive use remains limited

Sofar,however, Aluse withinjobs remainslimited, with
little measurable effect on firm-level productivity. For
example, 43 percent of USworkers and 32 per cent of
Europeanworkersuse GenAlatwork.2#These figures
are generally higherthan the firm-level adoptionrates
whichwe discuss below, eventhough arecent survey of
seniorbusiness executivesin the United States, United
Kingdom, Germany and Australia found that as many
as 69 percent of firms use Alinsome form. Use remains
limitedinintensity: more than two thirds of executives
reported an average usage amounts of only around 1.5
hours perweek. Adoptionis also concentrated among
younger and already more productive firms.?® (see also
boxon “reported Aladoptionrates”).

of firms use Al
in some form.

Otherevidence highlights that 30 percent of US
workerswho used Al at work saved three ormore
hours perweek, but Al could reshape more than15 per
cent of working time for72 per cent of US workers by
2035.% Finally, expectations about future trajectories
seemto differbetween workers and employers. While
employees expect Al toincrease employmentin their
firms by 0.5 percent overthree years, executives

only anticipate effectsinthe mediumterm, including
productivity growth of 1.4 percent and employment
reductions of 0.7 per cent. This gap may reflect different
assumptions about whether Alaugments workers or
reorganisesjobs around feweremployees.?”

” More than two thirds of executives
reported an average usage
amount of only around

1.5 hours per week.

PARTONE. ATADOPTIONAND PRODUCTIVITY AT SUCCESSIVELEVELS OF AGGREGATION.
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Reported Al adoption rates and performance measures

Measures of Al adoption vary widely because surveys differin who they ask,
how they define Al and how they frame adoption questions:’

e First,respondenttype matters.
Senior executives and managers oftenreport higher
adoptionthan frontline workers, reflecting strategic
intent orawarenessratherthan actualuse, while
worker surveys can capture informal or task-level use
that firm surveys miss. Large firms alsoreport higher
adoptionthan SMEs because they have stronger
digital capabilities and organisational readiness.

e Second, how Alis definedis equallyimportant.
Estimates further differ depending onwhether
surveys focus narrowly on GenAl oradvanced Al,
orinclude broadertools such as machine learning,
automation and data analytics.

¢ Third, question wording matters too.
Surveys thatinclude embedded Al oremployee-
driven “bring-your-own Al” practices report much
higherrates thanthose focused on deliberate firm-
levelimplementation.

Finally, itisimportantto note that most measures
capture only the extensive margin: whether Alisused
atall. These measures say muchless aboutintensity,
workflow integration or organisational change.

The table compares several Aladoption and performance
measures cited inthisreport. These figures are not
directly comparable because they refer to different
units of observation, definitions of Aluse and
measurement thresholds. Forinstance:

e The 20-40 percentrangeinthe top rowrefers to task-
level adoption oruse observedin experimental and
controlled settings, rather than adoptionundernormal
operating conditions.

e The43percentUSand 32 percent European estimates
inrow two capture individual workers’ self-reported
use of generative Al, irrespective of whether their
employerhas formally adopted the technology.

e The 69 percentestimateinrow fourcaptures firms
reporting any Aluse at all, athreshold broad enough
toinclude firms where average use amounts to only
around 1.5 hours perworker per week.

e The 14 percent productivity gainin customer-support
work using GenAlinrow sixis a performance effect,
notanadoptionrate, and therefore should not be
interpreted as evidence on the prevalence of Aluse.

Across the wider literature, reported adoptionrates for
similar periods range from single digits to more than 80
percent. As discussed above, this divergencereflects
differencesin survey definitions, question wording,
sample composition and target populations, ratherthan
asingle underlyingrate of Aladoption.

Forthisreason, the definitions underpinning each
measure are essential forinterpreting the figures used
inthisreport. The absence of a consistent adoption
measure complicates effortsto track progress, compare
countries and evaluate policy. It also strengthens the
caseforthe UKto participateinaharmonised Al survey
series, while retaining complementary national surveys
that can capture sectoral, regional and organisational
detail.

1. Foramore detailed discussion, see B. van Ark (2026), “Rewiring Europe’s Productivity Framework: Aligning Investment, Innovation, and Diffusion”,

Productivity Insights Paper No. 096, The Productivity Institute.

PART ONE. AIADOPTION AND PRODUCTIVITY AT SUCCESSIVE LEVELS OF AGGREGATION. 16
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Al adoption-related estimates across different studies

ESTIMATE

ADOPTION

WHY IT DIFFERS FROM
OTHER STUDIES

Employee- and firm-level surveys
measuring the share of workers who
report any use of Al at work. Adoption

20-40% Crane, Green and Soto (2025) (footnote 14) . . .
varies substantially across occupations
andis particularly highin fields such as
programming.

Individual k If- ted GenAl

43% (US) Bick, Blandin, Deming, Fuchs-Schiindeln u"se'_"; Starv‘;vogfer:j Iereisg; een di:tof

32% (Europe) | and Jessen (2026) (footnote 21) : yotpeople, indep
formal employer adoption.
Firmsreporting any Aluse atall. Alow

69% Yotzov, Barrero, Bloom et al. (2026) (footnote 26) barthatincludes firms averagingjust1.5
hours of use per week.

. . . Therange across all surveys, driven by

Single digits No dedicated source; draws on Crane et al. differina definitions. question wordin

to>80% (footnote 14) and Bick et al. (footnote 21) 9 d &

EXPLANATION OF DIFFERENCES IN ADOPTION

samples and target populations.

55%1t080%

PERFORMANCE

Same study: Bick et al. (2026) (footnote 21)

EFFECTS

The share of the US-Europe gapin
adoption explained by demographics
and by management practices.

Time and quality improvement for

40% faster/ . . "
18% higher Noy, S. and Zhang, W. (2023) (footnote 7) professionals using ChatGPT on writing/
quality analysis tasks. TV\.IO figures fromone
controlled experiment.
Productivity gainin customer support
14% Brynjolfsson, E., Li, D. and Raymond, L.R. (2023) work using GenAl, largest forless-

(footnote 4)

experienced workers. Performance gain
isnot arate of adoption.

PART ONE. AIADOPTION AND PRODUCTIVITY AT SUCCESSIVE LEVELS OF AGGREGATION. 17
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Organisational-level effects of Aladoption

Complementary organisationalinvestmentis a key
mechanism through which firms canlimit the leakage

of Al-enabled task-level gains before they translate

into organisational productivity.22Firms with stronger
organisational capital, including effective management,

@' only
46%

of firms progressed
beyond tool pilots

Potential and realised absorptive capacity

Thereturns fromanew technology dependona

firm’s absorptive capacity, defined as the ability to
recognise, assimilate and commercially exploit external
knowledge.?? Absorptive capacityis firm-specific and
path-dependent. Organisations build it from existing
knowledge, so early underinvestment canrestrict later
use of atechnology evenwhen that technologyis widely
available.

The distinction between potential absorptive capacity—
the ability to acquire and understand knowledge—
andrealised absorptive capacity, which transforms

and exploits that knowledge through routines and
production processes, is especiallyimportant for Al.

adaptable processes, workforce skills, data capabilities
and trusted workplace relationships, are therefore
better positioned bothtorealise productivity gains and
toimprove job quality.

lAlt?o.ugh 890/0

use Al in at least

O ﬂe business function

Forexample, licensing atooldoes not mean thata firm
canintegrateit productively.3°

Recentresearch foundthat only 46 per cent of firms
progressed beyond pilots, although 89 per cent use Al
inatleast one business function. However, just one-
quarterof respondentsreported redesigning workflows
around Alratherthan addingit to existing processes.
“Alhigh performers” (organisations that attribute at least
5percent of EBITto Alandreport asignificant overall
organisationalimpact) represented only 6 per cent of
the sample.® Recognising use cases, experimenting
with workflows and deciding whetherto deploy tools all
dependonorganisational and project capabilities.?

Firms with stronger organisational capital, including effective management, adaptable processes,
workforce skills, data capabilities and trusted workplace relationships, are therefore better
positioned both to realise productivity gains and to improve job quality.
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The productivity J-curve

Theimportance of absorptive capacity for productivity
canbeillustrated by the productivity J-curve.®

During the adoption of anew technology, firms

devote labourand capital tointangible assets, such
asredesigned processes, training, data and software
integration, that conventional performance measures
donotfullyincorporate. Productivity, measured as
output perunit of input, may therefore initially be

understated because the expenses arerecorded as
costs while the resulting capital stockis not. Later,
measured productivity may rise as services from
thishidden stock generate observable output. The
measurement erroris thus first biased downwards and
thenbiased upwards as accumulated organisational
capital begins to contribute to productivity.(Figured

Figure 1 - Productivity J-Curve / Source: Authors’ construction.

Productivity J-Curve
Skewed measurment of productivity growth
after a major new technology is introduced

Underestimated Productivity
Capital and labor go towards
intangible technology gains

Lower
Measured
Growth

v

A
Higher
Measured
Growth

4 Years }

Overestimated Productivity
Intangible gains from prior
years show up in the data

Redrawn from the article “Why Artificial Intelligence isn’t Boosting the Economy - Yet”

Organisational capability is capital

Pre-GenAlevidence already points to complementarity
between|ICTintensity andintangible capitalratherthan
simple addition. Non-R&D intangibles and workforce
skills contribute more to output than theircost shares
would predict, suggesting spillovers beyond the
individual firm.3* Complementarity also extends beyond
the firm. Forinstance, productivity gains may depend

onwhetherinput suppliers and connected sectors also
innovate, easing bottlenecksin the supply orvalue chain
that prevent concentrated advances frombecoming
industry-wide gains.®® Organisational capability is
therefore capitalinits ownright andinteracts with
technology adoption.
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P Al-using firms hold
market shares up to

Al-specific studies broadly support theimportance of
complementary capabilities. Forexample, analysis of
representative firm-level microdata across 15 OECD
countries finds that adopters tend to have stronger
human capital and digital capabilities. Once these
characteristics are controlled for, the Al-related
productivity advantage foradopters largely disappears,
suggesting that what appears to be areturn to Almay
partly be areturn to the capabilities that make effective
use possible.3¢

Moreover, recent evidence from the OECD showed that
Al-using firms hold market sharesup to 7.5 timeslarger
thannon-users and are more productive on average.
However, this advantage loses statistical significance
once digitalisationintensity andlagged productivity are
controlled for, suggesting that it reflects pre-existing
capability ratherthan Al use itself.?”

Similarly, UK firms with strongermanagement scoresin
2020 were more likely to adopt Alby 2023, even after
accounting forsize, age, sectorandlocation. The same
management advantage predicts othertechnologies

PART ONE. AIADOPTION AND PRODUCTIVITY ATSUCCESSIVE LEVELS OF AGGREGATION.
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farless strongly, suggesting that data management and
coordination are particularlyimportant for Al.38

Following this, Aladoption across two-digit sectorsin
the EUiIn 2025 correlates positively with sector-average
managerial-practice quality as measured by the World
Management Survey, reinforcing the finding that
management capability and not just technology access
predicts Aluptake.?’

Qualitative evidence fromFinTechillustrates the
same point at the level ofimplementation. Firms
differin theirability to convert Alinvestmentinto
market-ready products because adoption depends
onbusiness stage, reliance on third-party platforms,
data availability, investment, organisational agility
and product novelty. Some firms make substantial
investmentsin Al without converting Al concepts

or prototypesinto market-ready products. Thisis
afirm-level version of the aggregation paradox:
spending and technical potential are insufficient when
the organisational configuration does not support
implementation.4°
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Technical feasibility versus economic viability

The gap between potential andrealised absorptive
capacityis oftenreflectedin the difference between
the technical feasibility and economic viability of Al
adoption.

A study of US firms developing computer-vision
technology estimates that automated tasksrepresent
only about a quarter of wages paid forvision-related
work, despite amuchlargertechnically automatable
share.#! Expected savings mustjustify the fixed costs of
development, deployment andintegration. Recurring
inference costs, including per-query or per-token charges,
create an additional constraint because they may offset
efficiency gains asusageintensifies. The business case
must consequently cover both one-off integration
expenditure and continuing operating costs. Al-as-a-
service may narrow this gap by spreading fixed costs
acrossusers.

Absorptive capacityis not an entirely internal affair to
the organisation. Realised absorptive capacity depends
partly onthe quality, stability and accessibility of the
surrounding innovation ecosystem. However, these
barrierstendto changeinnature as adoption matures.
Legaland ethicaluncertainty weighs most heavily on
first-time adopters, whereas extensive users are more
constrained by expected costs. ICT skills raise adoption,
while restrictive labour market and competition policies
reduceit.4?

Evidence from Chinese manufacturingreaches similar
conclusions to studies of US, UK and European firms.

Firms with strong pre-
existing capabilities are
more likely to adopt Al

successfully and it may
extend their competitive
advantage.

Robot adoption - an Al-adjacent form of automation

- canstimulate firminnovation, including sustainability-
orientedinnovation, with absorptive capacity serving
as animportant transmission mechanism. However,
gainsininnovation efficiency vary considerably, tending
to be concentrated among state-owned enterprises,
traditional manufacturers and firms locatedin more
economically developed cities.*?

Digitalinvestment and capacity utilisation also
appeartofollow aninverted-U relationship: additional
investment eventually produces diminishing oreven
negative returns unlesslabourrelations, industry
conditions and regional markets are sufficiently
supportive. Absorptive capacity is therefore necessary,
but firms cannot productively absorb unlimited
investment.44

Across UKand EU surveys, OECD microdata, Chinese
manufacturing panels and qualitative evidence, the
central conclusionis that Alis not a plug-and-play
technology.*®Its productivity return depends on
complementaryinvestmentin skills, data, management
and organisationalredesign. These investments are
path-dependent, costly and subject to diminishing
returns. Firms with strong pre-existing capabilities are
therefore more likely to adopt Al successfully and it
may extend theircompetitive advantage. Widespread
awareness, limited intensive use and modest
measured productivity effects are not contradictory,
but symptoms of the Alambition gap that task-level
potential alone cannot overcome.
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Sector-level and macroeconomic effects of Aladoption

Moving beyond the firmraises two distinct questions.

0 How do adoption, constraints and
productivity effects differ across
sectors?

Sectoral productivity gains differin nature

A synthesis of more than 150 peer-reviewed studies
and 30 corporatereports across three sectors -
FinTech, retailand advanced manufacturing - finds a
broadly positive relationship between Aladoption and
productivity, although the mechanisms and constraints
are often sector-specific.4¢

Forexample, in FinTech Al supports fraud detection,
credit-risk assessment, labour allocationand more
responsive services, while regulatory uncertainty
and consumer trust constrain deployment. Inretail,
personalisation, demand forecasting andinventory

How much of these sector-level gains can
apply to the macroeconomy, given uneven
adoption, differences in organisational

capability, limited labour and capital
mobility, and the economic weight of the
activities transformed by Al?

optimisation canimprove customerretention,
employee efficiency andresource allocation,

even though privacy concerns can offset these gains.
Inadvanced manufacturing, Al strengthens automation,
resilience, energy efficiency, supply-chainperformance
and greeninnovation, yet skill shortages, integration
costs and displacementrisks weigh particularly

heavily on smaller firms. Sectoral productivity gains

are therefore conditional oninstitutional context, firm
capability and resource endowmentrather thanbeing
an automatic result of exposure.

Uncertain paths to macroeconomic productivity gains

Macroeconomic estimates vary widely because they
rest on different assumptions about task exposure,
achievable cost savings, spillovers and innovation.

A cautious estimate projects gainsin total factor
productivity (TFP) forthe US of nomore than 0.7 per
centovertenyears. Thisapproach combines the share
of exposed tasks with the expected savings on those
activities. However, as discussed above, both metrics
are highly uncertain. Indeed, the TFP gain might fall to
0.53 percentwhen greaterweightis placed on complex
tasks forwhich outcomes are more difficult to evaluate.#

These cautious estimates assume that Al mainly delivers
limited efficiency gains within existing activities.

More optimistic estimates of productivity gains assume
that Al also creates new markets, improves business
processes across value chains and supports continuing
innovation. Estimates based on historical comparisons

with earlier technological revolutions, andrevised
assumptions within the same task-based framework,
yield amedian estimate of about 0.7 percentage points
of productivity growth peryear - whichisabout 10 times
largerthanthe cautious estimate.*®

Intermediate estimates forthe US, combining task-level
performance gains with exposure and adoption data,
suggest annual TFP growthrates of 0.25-0.6 percentage
points andlabour-productivity growth of 0.4-0.9 points.4’
However, aggregate productivity gains may be much
smallerif Albenefits are concentratedin only afew sectors,
while demand, labourandinvestmentremaintiedto
activities that Al transforms less. Aggregate productivity
therefore depends not only on the size of sectoral
improvements, but also on substitutioninconsumption
and thereallocation of productive resources.
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The US-Europe and US-UK gaps reflect upstream innovation and downstream diffusion

As with earlierwaves of digital technology, Al is
expectedtodeliverlargerproductivity gainsinthe
United States thanin Europe, partly because US
firms and technology sectors are better positioned
to develop, commercialise and scale Al-enabled
innovations.

Auseful distinctionis between anupstream channel,
through which Al raises productivity by accelerating
software innovation, and a downstream channel,
through which firmsin other sectors turn Al-related
intangible capitalinto broad-based productivity gains.

The United States derives significantly larger
productivity gains fromthe upstream Al channel. Al
software production, use and related R&D accounted
foraround half of the accelerationin US labour
productivity growth, whichrose from 0.8 percentin
2012-2017t0 2.0 percentin 2017-2024. Software-
producingindustries alone contributed roughly 40 per
centof the accelerationin USTFP growth, whichincreased
from 0.4t0 0.9 percent overthe same period.5°
Overall, this suggests that a1 percentage-point annual
improvementin US labour productivity is withinreach.

Forthe European Union, estimated productivity gains
amountto around 0.3 percent peryear. However,
these gains vary substantially across countries and are
generally expectedto belargerin Europe’s higher-
income economies.®

Europe’s smaller Al-software sectormeansit captures
less of the upstream productivity benefit from
developing and commercialising Al technologies.
Europeaninnovation evidence reinforces this concern.
Al patenting depends heavily on prior capability in

The UK's Al sector
is relatively large by
European standards...

adjacent technologies, suchas communications,
computing and large-scale data processing, while
knowledge flows disproportionately to firms already
atthe technological frontier.52 Fragmented R&D
policies andlimited collaboration between universities
and businessin Europe and the UK make it harder

to directresources towards firms able to develop,
absorb andscale frontiertechnologies. As aresult,
European economies are likely torely more heavily on
downstream diffusion, where productivity gainsrely on
complementary skills, data, management capabilities
and organisational capital. These gains may therefore
takelongerto spread fromindividual tasks to firms,
sectors and the widereconomy.

The UK sits towards the upper end of the European
range. Its Al sectorisrelatively large by European
standards, giving it greateraccessto the upstream
channelthan most other European economies.
Recent OECD evidence estimates that high-exposure
economies such asthe UKand the US could see annual
aggregate labour-productivity gains of between 0.4
and1.3 percentage points.%® By contrast, IMF model-
based scenarios put the UK’s annual productivity
gains overthe coming decade at between 0.9 and 1.5
percentage points, arange that appears optimistic.54

Given historical experience and the implementation
challengesdiscussedinthisreport, weregard the

lower half of the 0.4to 1.5 percentage pointsrange of
additional annual labour productivity growthin the UK as
most plausible. Evenanannual uplift of around 0.5-0.7
percentage points, if sustained, wouldrepresent a
significant step changerelative to the UK’s productivity
performance over the past decade.

...giving it greater access to the
upstream channel than most
other European economies.
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Four Imperatives to Close the Ambition Gap

The evidence across the four levels of this review shows that Al’s productivity potential is real but
progressively harder torealise as the level of aggregationincreases.

Task-level experiments often
generate sizeable gains, but
these gains may be diluted within
jobswhencomplementary
human activities become binding
constraints. At the organisational
level, adoption produces
sustainedreturns only when
firms canredesign workflows,
develop skills, integrate dataand
systems, measure outcomes and

mobilise effective management
and employee engagement. At
the sectoraland macroeconomic
levels, uneven diffusion, limited
resourcereallocation, institutional
differences and weaknessesin
innovation ecosystems create
furtherleakage.

This points to acentralimplication
that adoption alone willnot close

the ambition gap. Organisations
and economies must alsorecognise
where Al cancreate value, have
sufficientincentives to act, build
the capabilities required for
productive use, and execute the
changes neededto turn potential
into measurable productivity gains.
The fourimperatives below set out
these conditionsin more detail.

4 I
o Attention

The attentionimperative helps firmsrecognise
and prioritise the Al opportunities most relevant
to their strategy, operations and customers.

This means creating the managerial bandwidth,
practical use-case discovery, external advice
and business support needed to translate Al’s
general potentialinto concrete opportunities for
value creation.%s

- 4

4 I
o Capabilities

The capabilities imperative builds the skills,

data, systems, finance, managerial competence,
technical support, process knowledge and
absorptive capacity neededtoactonAl
opportunities effectively. Thismeans investing
inthe complementary assets and organisational
know-how that enables firms to move from
recognised opportunities to practical

4 I
e Incentives

Theincentivesimperative ensures thatleaders,
managers and workers have sufficientreason,
confidence and pressure to act onrecognised
Alopportunities. This means clarifying
expectedreturns, reducing transition costs
andimplementationrisks, aligning benefits and
incentives, strengthening competitive pressure,
andbuilding the regulatory clarity and trust
needed to support action.

implementation.

i

i

4 I
o Execution

The executionimperative is to coordinate, scale
and sustain the organisational changes needed
torealise value from Al. This means establishing
clear ownership, resource discipline, process
redesign, pilot scaling, accountability, learning
loops and persistence over time.

The fourimperatives should be understood not as separate conditions, but as a connected sequence

through which Al opportunities are either converted into productivity gains or lost.
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Part Two.

Key enablers for closing
the Al ambition gap.

o -—

—— .

FAV o

Drawing on the assembled evidence and eightin-depth
interviews with experts from academia, business and
policy, Part llidentifies seven mutually reinforcing
enablers for closing the ambition gap.

Part | of thisreport showed that the ambition gap widens Drawing onthe assembled evidence and eightin-depth

as Almoves fromindividual tasks to jobs, organisations interviews with experts from academia, business and
andthe widereconomy. Closingit requires more than policy, PartIlidentifies seven mutually reinforcing
fasteradoption: firms and economies must build the enablers for closing the ambition gap.%¢

enablersthat convertaccessto Alintoredesigned
processes, new products, betterjobs and measurable
productivity gains.

The seven enablers are ordered from the organisation-
level conditions most directly within the control of
businessleaders(i.e., fourbusiness enablers) to the wider
institutional and innovation-system conditions needed
forbroad-based diffusion(i.e., three system enablers).
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Fourbusiness enablers

Atthe firmlevel, the sequence starts with leadership
attention: identifying where Alis strategically relevant,
testingwhethertechnically feasible applications are
economically viable, and assigning clear ownership
foroutcomes. Itthendepends ontheleadersand
managers, the workforce, and business functions

Set strategic direction, define the

“North Star”, allocate resources, coordinate
implementation and evaluate whether Al
applications generate measurable value.

Clarifylifecycle
costs and expectedreturns, establish
shared metrics and outcome ownership, and
guide decisions to scale, revise or stop Al
applications.

working togethertoredesign processes, build skills,
evaluateresultsand scale only those applications

that create measurable value. Adaptive capacityis

the organisational ability to move beyond established
routines and turn this sequenceinto sustained change.

Strengthen domain
knowledge, judgement, dataliteracy and
responsible experimentation, which help
organisations turnindividual use into
sharedlearning andimproved work design.

Help firms move
beyond existingroutines and business
models by building the willingness and
ability toredesign workflows, reallocate
tasks, consult affected stakeholders and
sustainchange.
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Leadership and management

Leadership and management lie withinthe organisation’s direct remit and are central to all fourimperatives
in our framework. This enabler strongly depends on organisational capital, namely the coordinationroutines,
knowledge-sharing mechanisms, data practices and management systems that allow organisations to
integrate and operationalise new knowledge.

Management qualityasa Leadership across the Aladoptionlifecycle

precond|t|on forAl adOptlon Leadership and management matterat every stage of

the adoption process. Before adoption, seniorleaders
must setaclear'North Star’ - what Alis expectedto
achieve, whichbusiness outcomesit shouldimprove,
who owns those outcomes, what resources are available
andwhatreturnisrequired.

Leadership and management capabilities appear
especiallyimportant for Al. Forexample, cross-
sectional evidence shows that UK firmsinthe top
quartile of management practice scores adopt
technology, including Al, at substantially higherrates
than firmsinthe bottom quartile. Longitudinal evidence
strengthens this association. Firms with stronger
management practices three years earlier are more
likely to adopt Al subsequently, even afterdifferencesin
size, age, sectorandlocation are takeninto account.%’

Firms thatacquire licences without thisleadership plan
risk stalling atthe boundary between formal adoption
and value maximisation. During experimentation and
implementation, middle managers become the
operationalhinge. They allocate tasks between people
and Al, redesign workflows, coordinate training and
create a controlled environmentin which employees can
experiment and fail safely within agreed governance
parameters, positioned betweenunrestricted use

and anoutright ban. As evidence and organisational
confidence accumulate, managers canwiden the
boundary of permitted use while preserving accountability.

Management quality also predicts Aladoptionmore
strongly thanthe uptake of othertechnologies,
suggestingthat Al places distinctive demands on
datamanagement, cross-functional coordination

and organisationallearning. This helps explain why
productive and already well-managed firms often adopt
Alfirst. Adoptionreflects anaccumulated endowment
of measurement systems, change-management
experience and priortechnologyinvestment, rather
thanthe effect of Alalone. In this sense, downstream
investmentin organisationaland managerial capital
may be the binding constraint on firms’ ability to exploit
upstreamtechnological advances (see also the ‘frontier
innovation and diffusion’ enabler).

Afteradoption, leaders and managers must measure
results, scale successful applications and stop those
thatdonot generate value. Policy support should

go beyond adoption grants. It should also provide
management diagnostics, leadership training,
implementation coaching and post-adoption evaluation.
Where feasible, grants should be conditional on firms
completing this follow-through.

My view on all of this is that if you're running your business well, you will be using Al and you will
get a lot out of it. The issue is kind of upstream of Al itself: knowing what good looks like, having
the KPIs and measurement tools to figure out how you're doing operationally, and knowing how

to run change management programmes with people. If you have those things, and are focused

on performance improvement, you almost can’t avoid using Al well.

Tera Allas, CBE
Senior Advisor, McKinsey Company
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Worker capabilities

Worker capabilities are central to whether Aladoptionimproves productivity and job quality.
As Alchanges tasks and occupations, organisations need workers who can use the technology critically,

applyittobusiness problems and help redesign workflows.

Skills for Al-augmented work

Workforce skills primarily support the capability and
executionimperatives at each organisational level:
tasks, occupations and the organisationas awhole. Yet
these skills cannot be reducedto generic Al literacy,
basic trainingin how to operate atool, orbetter prompt-
writing. Employees need sufficient domain knowledge
to frame problems, judge the quality of outputs
andrecognise when human verificationis essential,
particularly as tasks becomelongerand more complex.

Employees also need datalliteracy, critical thinking,
communicationandthe confidence to experiment
responsibly. The skills required will vary with the way Al
recomposes work. Forinstance, when Alautomates
routine orinexpert tasks, the expertise content of

the remaining work may increase. In contrast, when
itautomates expert tasks, skills may instead be
devalued.5® Training should therefore align with the
organisation’s business strategy, and prepare workers
forchangingresponsibilities, including problem
framing, verification and judgement.

Because Al exposureis higherinmany jobs held by
women and university graduates, capability-building
should not be treated as a generic training agenda but
targetedtowards the occupations and functions where
workis most likely to be augmentable, ensuring that
exposed workers gainthe judgement, verificationand
redesign skillsneeded to benefit from Alratherthan
simply absorbitsrisks.

Fromindividual learning to organisational capability

The larger challengeis convertingindividual learning
into organisational knowledge. Skills are changing with
Alanddigitaltechnologiesin ways that extend well
beyond narrowly defined digital skillsand depend on
organisational,industry andinstitutional context.%?
Effectiveimplementation thereforerequires
coordinated training for managers and workers,
embeddedinreal business processes. Cross-functional
teams candocument successfuluse cases, share
practices across the organisation and capture lessons
from experimentation, turningindividual experience into
repeatable organisational capability.

PARTTWO. KEY ENABLERS FORCLOSING THE AIAMBITION GAP.

Workervoiceisimportantbecause employees may
identify viable use cases and beginusinglow-cost tools
before formal policy exists. Consultation, transparency,
training rights and clear data protections can convert
this shadow adoptioninto governedlearning while
improvingjob quality.¢° For SMEs, training support
should be combined withretention, progressionand
good-work practices; otherwise the firms with the
greatest skills gaps may trainworkers only to lose them
tolargeremployers.
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Technical feasibility and economic viability

The gap between potential and realised absorptive capacity is oftenreflected in the difference between the
technical feasibility and economic viability of Aladoption.®’ When businessleaders considerboth, they clarify
lifecycle costs and expectedreturns, establish shared metrics and outcome ownership, and guide decisions on
whetherto scale, revise orstop Alapplications. This enabler therefore bridges the incentive, capability and

executionimperatives.

From technical pilots to
business-process value

Alprogrammes can create a separation between
organisational functionsresponsible fortechnology
adoption(suchasIT, data, digitalinnovation or
procurement)and those accountable foroutcomes
(operations, finance, risk, humanresources, sales and
customerservice). This creates aproblem because
technology teams can deliverlicences and pilots
without changing the process that determines
productivity, revenue, service quality orjob design.
The appropriate intermediate unitis often the end-to-
end business processratherthan the individual task
orthe organisational unit. Processes cross functional
boundaries, require multidisciplinary expertise and
expose where coordination, data access and decision
rights become binding constraints.

Measuring value and lifecycle costs

Coordinationis the mechanism through which technical
capability, economic viability and organisational
change become measurable performance. Each priority
use case should therefore have joint ownership by a
technologylead and an operational outcome owner,
supported by finance, workforce andrisk expertise.

Tera Allas, CBE
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Before deployment, teams should establish abaseline
and specify expected productivity, quality, revenue
andjob-related outcomes, alongside a timetable for
evaluation. Shared metrics should connect operational
changesto firm-level outcomes, enabling managers
to distinguishindividual time savings from genuine
organisationalvalue. They also provide the evidence
neededto scale successful applications, revise
underperforming ones and stop those that do not
createvalue.

The business case should distinguish one-off costs

of development, integration, workflow redesign

and training fromrecurring costs of model access,
inference, monitoring and human verification.
Technicalfeasibility does notimply economic viability:
deploymentis justified when expected benefits are
likely to exceed fulllifecycle costs by a sufficient margin.
This assessment should be repeated as the application
scales, because per-query or per-token charges
canrise withusage and offset apparent efficiency
gains. Cost persuccessfuloutcomeis therefore more
informative than model ortoken costinisolation.

Firms should also compare proprietary deployment with
Al-as-a-service options, which can spread fixed costs
across users but may introduce trade-offsinvolving
data control, dependence on external providers and
long-run operating costs.
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If change is going to occur, it's because the pressures force a change in risk attitudes...
risk attitudes don’t change just because business leaders wake up one day and say, you
know what, we've been much too risk averse. We got to do something. They wake up and
realise they're in serious trouble and have to do something different... It's the pressure
that gets created. And part of it's social, part of it's cultural. You have to give up on
tradition, be willing to give up on traditional ways.

Research Scientist, MIT FutureTech

Adaptive capacity

Closing the ambition gap also requires firms to move from established success towards future opportunity.
Afirmmay possess strong management practices, skilled workers and a viable business model, yet still lack
theresilience and flexibility to reorganise around Al while its existing model continues to perform well.

Adaptive capacityis therefore distinct from general
absorptive capacity. It concerns the willingness

and ability to alter workflows, team structures, task
allocationand, where necessary, the business model
before external pressures make change unavoidable.
The evidence suggests thatintensive Aladoption
produces productivity gains whenitisaccompanied
by thisreorganisation, ratherthan when firms merely
acquire licences orrunisolated pilots.

Adaptive capacity must also account fortherisks and
incentives associated with changing a successful
model. Existing success can delay adjustment by
reducingthe perceived need to alter established
routines, while cost pressures and competitive threats
may eventually make experimentation unavoidable.

&)

Inthe UKinvestment context, weak investment may
reflectinsufficientrisk tolerance ratherthan alack of
ambition, a distinction that matters for closing the
ambition gap. Risk tolerance should therefore be
understood as one element of adaptive capacity,
alongside organisational capability, complementary
investment and coordination.

Adaptive capacity therefore involves both the
willingnessto depart frominherited practices and the
ability to manage implementation through staged
experimentation, transparent decision-making and
consultation with affected stakeholders. It mainly
addresses theincentive, capabilities and execution
imperatives.

I think this comes back to the [productivity] J-curve type argument, that | think we're only seeing
productivity gains where firms are intensively adopting and reorganising workflow. So they're

probably changing the structure of teams and ..., getting people to do different tasks along the
workflow so that Als can do more of that work. There seems to be evidence that that type of
reorganisation is required just to get actual productivity gains.

Policy Official

PARTTWO. KEY ENABLERS FORCLOSING THE AIAMBITION GAP.
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..iIf there is to be a regulatory framework specific to financial services from the FCA,
for instance, regarding Al in financial services, | think that would need to be a bit

less prescriptive. | think you'd need to have principles that organisations will have to
follow... not within open finance, but in the broader scope, it has to be principle-based
rather than prescriptive.

Markos Zachariadis
Professorin FinTech, AMBS

Governance

Beyondthe organisational level, governance capability
concerns the capacity of government to regulate,
coordinate and set standards without unnecessarily
slowing or freezing adoption. It mainly supports the
attention, incentive and capability imperatives.

Legal, ethical and privacy concerns weigh most
heavily on early adopters, whereas the constraints on
more mature usersincreasingly concern productive

PARTTWO. KEY ENABLERS FOR CLOSING THE AIAMBITION GAP.

integration: shortages of expertise and suitable data,
weak system compatibility and uncertainty about
implementation.?

As adoption matures, the emphasisin governance
may therefore shift from encouraging willingness to
adopt towards building the institutional and firm-level
capabilities needed to integrate Al safely

and productively.
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Adaptive governance and sector-specific trust

Building trustis a core pillar of effective Al governance.
Giventhe diverse characteristics of implementing

Al across sectors, an explicitly sector-differentiated
approachis needed withina coherent national
framework, rather than auniform policy applied

across all activities. Financial services, as aheavily
regulated sector, illustrates the resulting designtension
between prescriptive and principles-based regulation.
Prescriptive rules can provide clarity but may struggle to
keep pace withrapid technological change.

Policy Official

Alighter, principles-based approachis more adaptable,
but may itself create implementationuncertainty when
firmslack sufficient guidance to act with confidence.
Governance capability should therefore focus less on
identifying auniversally correctregulatory style thanon
building the institutional capacity tointerpret principles,
update guidance, support experimentation and help
firms adjust as technologies andrisks evolve. Such
adaptive governanceisitself resource-intensive and
requires sustained expertise withinregulators and the
institutions that supportimplementation.

Targetedregulation requires cross-government coordination

The Al Growth Lab, anew UK government initiative,
isintended to test whether targeted regulatory
adjustments can ease adoptionin heavily regulated
sectors, while business support and skills programmes
are tailored separately to sectorneeds.®®*Forinstance,
the principal concerns are regulatory uncertainty
andliability in FinTech, consumer trust and privacy
inretail, and workforce skills andintegration costs
inmanufacturing. Effective policy design therefore
requires atargetedratherthan uniformapproach.

PARTTWO. KEY ENABLERS FORCLOSING THE AIAMBITION GAP.

Yetresponsibility forthese sectorsis distributed across
government departments. For example, financial
services falls within HM Treasury and creative industries
withinthe Department for Culture, Media and Sport
(DCMS), while responsibility foremerging technologies
cuts across several portfolios. Governance capability
consequently involves a coordination challenge as
much as aregulatory design one. Sector-specific action
must be aligned within a coherent cross-government
framework.
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In the Northwest, still there is the path
dependency effect of the history of the
region in terms of manufacturing...now
factories are still here, and how it might
be easy for them to move from traditional
manufacturing to smart manufacturing,
including 3D printing, but there were

also regional capabilities from the public
sector.

.. The policies tend to focus on adoption,

a kind of simple question. We help you to
adopt, yes or no. Once you start to use the
technology, it's your own responsibility.

So even if companies have adopted, they
know that the technology has much more
capacity compared to the ones they are
using it. So how do you define scuessful
adoption?.

There is still an information asymmetry
between the policies and what reaches
firms.”

Mabel Sanchez Barrioluengo
Senior Lecturerin Science,
Policy and Innovation, AMBS
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Frontierinnovation and diffusion

Acentral questioninclosing the Alambition gap is whether domestic strength at the Al frontieris a

pre-condition for productivity growth.

Frontier strength and downstream diffusion are complements

Relative to the United States, many firmsin Europe and
the UK face two distinct but connected disadvantages:
asmaller Altechnology sector, which limits their
ability to capture Al's frontierinnovation effects, and
weaker downstream capabilities, which slow the
commercialisation, scaling and productive use of new
technologies and therefore cause adelayinreaping
the productivity benefits from Al as a breakthrough
technology.

Many firms depend primarily on priortechnological
capabilities, particularly incommunications, computing
and large-scale data processing, while knowledge

flows disproportionately towards firms already at the
frontier.¢¢ Translating researchinto scalable firms and
combining externally available Al with software, data,
skillsand organisational capitalis the key challenge.

Frontierand diffusion capabilities should therefore

be treated as complements and cut across all four
imperatives. Policy must strengthen selective upstream
capacity whileimproving the institutions and business
capabilities that convert external knowledge into
productive applications. Thisrequires closing the gap
between potential absorptive capacity andrealised
absorptive capacity (see Figure 2).¢7

Innovation <(-eee————s——) Diffusion

Missions Supply chains &
innovation platforms

ECONOMIC PRODUCTIVITY

PARTTWO. KEY ENABLERSFORCLOSING THE AIAMBITION GAP.

DOWNSTREAM

Potential
absorbive

} capacity }

Market
incentives
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Application-layerinnovation as a diffusion opportunity

Forthe UKand Europe, the mostimmediate opportunity
to bridge the innovation-diffusion-productivity gap
liesinthe applicationlayers of the Al stack: adapting
increasingly commoditised models to sector-specific
problems, proprietary dataand customerneedsin
fields where firms already possess domain knowledge,
including advanced manufacturing, health, professional
services and otherknowledge-intensive activities.

Thisis not passive technology adoption. The application
layerisitself alocus of innovation, where firms redesign
workflows, establish evaluationand governance systems,
andrecombine general-purpose Al with firm-specific
assets. Realising productivity gains therefore requires
complementary investmentin skills, data, organisational
capitaland otherintangible assets, rather than frontier
R&D alone.

«)

Firms must nevertheless decide where they sitin

the Alvalue chain—frontier developer, integrator or
sophisticated adopter—and focus on applications that
cancreate new products, improve core processes or
solve previously intractable problems. Secure access to
models, compute and dataremains necessary, as does
selective upstream capability for strategically sensitive
uses. The broader productivity opportunity, however,
liesinenabling many more firms to commercialise,
adaptandscale Al successfully. Innovation policy
should therefore connect vertical support for strategic
technologies with horizontal measures on scale-up
finance, competition, skills, data access, market
integration and business capability, so that frontier
advances diffuseinto productive use across the
economy.

Even though you could say... we'll get the software, we'll get the hardware, we'll get
the GPUs, and we'll make use of them, and we'll have the benefit, that's true. But | think

there is another benefit to having a large technology sector... there's got to be the
externalities. The workers who are moving from firm to firm, the knowledge that's being
shared, even if casually... without the technology firms, | think there is a disadvantage
that's more than the need to acquire the appropriate products or services.

Martin Fleming
Research Scientist, MIT FutureTech
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Recommendations.

Closing the Alambition gap requires coordinated action
across actors and levels: business leaders choose and own the
use cases, managers and workers turntheminto changed work,
and policymakers, regulators and regional institutions build the
conditions under which productive adoption can diffuse widely.

The final section of thisreport sets out recommendations growth. Therecommendations that follow should be

forbusinessleaders, people managers and policymakers, read through the fourimperativesidentifiedin this
followed by reflections on the future trajectories of Al report: focusing attention on the mostrelevant Al
adoption and productivity. opportunities; strengtheningincentives to act; building

the complementary capabilities required for adoption;
and executing the organisational changes needed to
realise value.

Ourreview of the evidence and the insights obtained
from experts have importantimplications for
organisational strategy and pro-productivity policy
aimed at making Al a major driver of productivity
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Businessleaders: link Al use cases to strategy and performance

Forbusinessleaders, technology procurementis only the starting point. Firms need to focus organisational
attention onthe Aluse cases most closely linked to strategy, customervalue, operational bottlenecks and
measurable performance. Thisrequires seniorleaders to set a clear ‘North Star’: what problems Al is
expectedto solve, which outcomesit shouldimprove, who owns those outcomes and what level of return

isrequired.

Theincentive to act should be strengthened by treating
Alnot asan|T experiment, but as a core business priority,
with clear accountability, resource commitments

and explicit links to productivity, quality, revenue or
service outcomes. At the same time, firms need to build
the managerial, workforce, data and organisational
capabilities that make adoption productive. The
evidence shows that management quality predicts
Aladoption, andreturns are to alarge extent earned

RECOMMENDATIONS

through the complementary organisational work
surrounding the technology - including process
redesign, dataintegration, workforce development
and outcome measurement. Additional spending on Al
canproduce diminishing oreven negative returns when
complementary capabilities are weak. Business leaders
should therefore build absorptive capacity alongside Al
investment and execute the workflow redesign needed
to convert adoptioninto sustained performance.
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People managers: redesign work and build worker capabilities
Forpeople managers, Aladoption should be treated as a work redesign and capability-building agenda,
not simply a training agenda. Workers are often closest to the processes where practical use cases,

risks and unintended consequences emerge, so they should be involved early inidentifying where Al can
create value. People managers can strengthenincentives foradoption by building trust as employees
need tounderstand how Al will affect tasks, jobs, skills, performance expectations and the distribution of
productivity gains. Training should therefore be embeddedinreal work rather than delivered as generic
Al literacy alone.

Because task-level productivity gains are often Expectations nevertheless diverge. Executives
largest amongless experienced workers, training anticipate modest medium-term productivity
designinfluences how these benefits are distributed gains alongside employmentreductions, whereas
and whetherthey develop into durable expertise employees expect somejob creation, implying
ratherthan dependence on the tool. Workers need different assumptions about whether Al willaugment
domain knowledge, dataliteracy, judgement, workers orreorganise work around fewer employees.%8
verification skills and confidence to experiment Organisationalinvestment can help narrow this gap
responsibly. Worker voice is also central to execution. by linking skills development, worker voice and job
Firms with representative structures are more likely redesignto transparent decisions about deployment,
to combine Al adoption with consultation, training performance and the distribution of gains.

provision and improved working conditions, while

transparent decision-making and clear

data protections can convert

informal experimentation

into governed

organisational

learning.

”

RECOMMENDATIONS '
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J
-
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Policymakers: widen access and strengthen diffusion conditions
For policymakers, the priority is to widen access to Al by strengthening the conditions under which firms

notice, trust, adopt and productively useit. In particular, SMEs and other firms outside the technology
frontier can be helpedtoidentify relevant Alopportunities through trusted intermediaries, sector-
specific guidance, regional brokerage institutions and practical business support.

Policymakers also need toreduce adoptionrisks and
uncertainty by improving regulatory confidence,
lowering transition costs and helping firms navigate
existing and emerging frameworks, including through
initiatives such as the Al Growth Lab in the UK.
International evidence on the productivity J-curve
suggests that delayed productivity gains from Alhave
beenmore evidentinthe United States thanin Europe
and Japan, reflecting greaterinvestment by US firms
inthe organisational capital needed to complement
new technologies. Slower productivity growth outside
the US should therefore not be attributed simply to
productivity J-curve effects, but tolowerinvestmentin
processredesign, skills, dataand managerial capability.®?

Forthe UKand Europe, comparative advantage may

lie particularly inthe application layers of the Al stack,
where increasingly commoditised models canbe
combined with existing domain knowledge in advanced
manufacturing, health, professional services and
otherknowledge-intensive activities.
Technology andinnovation

policy should support
thisrecombination

RECOMMENDATION

while maintaining selective upstream capability.
Al-as-a-service canlower fixed costs and technical
barriers more rapidly than many firms could achieve
independently, but access depends on competitive
markets, interoperable infrastructure and safeguards
against excessive dependence onasmallnumber of
providers.

Competition policy is therefore a key enabling policy.

It helps ensure that shared Al infrastructure remains
accessible, contestable and usable as a platform
forwider diffusion and business capability building.
Finally, policymakers should strengthen the data
infrastructure foradoption policy. UK participationin
Eurostat’s harmonised Al survey series would create a
common benchmark forassessing progress, identifying
gaps and evaluatinginterventions, while still allowing
complementary UK surveys to explore sectoral, regional
and organisational detail.
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Al productivity as a shared societal responsibility

Al’s productivity gains are likely to be unevenly distributed across firms, atleast initially.

The benefits of developing and implementing Al may
accrue disproportionately to marketleaders and early
adopters, thereby widening productivity gaps
between firms.

Al's productivity effects must therefore be assessed
interms of opportunity, risk and uncertainty together.
The same exposure that creates scope for productivity
gains may also generate displacementrisks, while the
eventual scale and distribution of both effects remain
uncertain.

Ultimately, closing the Alambition gap depends noton
the pace of technological advance alone, but on
whethercomplementary enablers develop quickly and
broadly enoughto convert that advance into productive

and safe use. Aligning technology with management,
worker skills, organisational redesign, regional
institutions and adaptive governance is therefore the
central challenge.

If these enablersremainuneven, Al will reinforce
existing productivity divides and may, despite massive
benefitsinterms of consumer surplus, deliverlittle more
thanatemporaryincreasein the level of productivity

as applications diffuse. If they are built together,
diffusion can generate broad-based productivity
gains, betterwork and shared prosperity, while Al’s
roleinacceleratingresearch andinnovation may also
raise the underlying rate of productivity growth more
permanently.

Alighing technology with management, worker skills, organisational redesign,regional
institutions and adaptive governance is therefore the central challenge.

RECOMMENDATIONS
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